3 OPEN ACCESS

ISAR Journal of Medical and Pharmaceutical Sciences
Volume 3, Issue 5, 2025 | Page: 1-8

Abbriviate Title- ISAR J Med Pharm Sci

ISSN (Online)- 2584-0150

https://isarpublisher.com/journal/isarjmps

Artificial Intelligence in Psychotherapy Implementation: Bridging Technology and

Practice

E.O., Oladunmoye (PhD)¥"=, Leah Oyeyemi Oyedele (PhD)?

Department of Applied Psychology, Kampala International University, Uganda.

*Corresponding Author

E.O., Oladunmoye (PhD)

Email:
oladunmoyetomenoch@gmail.com.

Avrticle History

Received: 18.04.2025
Accepted: 22.05.2025
Published: 16.05.2025

Abstract: - The crisis of the global mental health is still gaining momentum, with yearly
increasing rates of prevalence of mental disorders and the lacking ability of the health systems
to respond to the ascending demand for psychological services. This load is exacerbating
especially in low- and middle-income countries in which access to well-trained mental health
specialists is still limited. To address these challenges, Artificial Intelligence (Al) has become
one of the promising solutions, which provides scalable and cost-effective, highly personalized
ways of caring for mental health. This study addresses the current and emerging uses of Al in
psychotherapy range from Al-aided therapies like Cognitive Behavioural Therapy platforms,
real-time emotion detection algorithms, and virtual reality environments for therapy. It
critically examines some of the key implementation issues, including technological constraints
of Al, cultural acceptance of machine-aided therapy and urgent ethical considerations of data
privacy, consent as well as clinical supervision. Also, it recognizes controlling variables such
as the quality of the therapeutic alliance, character and characteristics of individual clients, the
ability of the therapist to be adaptable, all of which contribute to the success of Al-integrated
interventions. It therefore concludes by giving strategic recommendations on how ethical and
inclusive Al technology can be deployed in psychotherapy. It recommends blended care
models that maintain irreplaceable human components of therapy as it exploits technological
innovation. With such integration, Al will be able to make a considerable difference in the
access, treatment engagement, and better therapeutic outcomes across the globe.
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Introduction

psychological well-being has been consistently demonstrated
across populations and age groups (Li et al, 2015).

Psychotherapy can be conceptualised as a guided conversation
between a knowledgeable therapist and a client with the goal of
reducing psychological discomfort and improving mental health is
the bedrock of today’s mental health therapeutic practice (Zhou &
Sumettikoon, 2025). Characterized by empathy, confidentiality,
evidence-based techniques, and the therapeutic alliance,
psychotherapy encompasses a range of modalities such as
Cognitive Behavioural Therapy (CBT), psychodynamic therapy,
interpersonal therapy, and humanistic approaches (Kaluzeviciute-
Moreton & Lloyd, 2024). Its primary beneficiaries include
individuals with mood and anxiety disorders, trauma-related
conditions, personality disorders, and those navigating grief,
relationship challenges, or behavioural issues. The effectiveness of
psychotherapy in reducing symptoms and enhancing overall
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Globally, however, the implementation of psychotherapy faces
significant barriers. The Global mental disorders (GBD) estimates
that nearly 1 in 8 people worldwide roughly 970 million
individuals live with a mental disorder, with depression and
anxiety being the most prevalent (GBD, 2022). Despite this, over
70% of individuals in low- and middle-income countries (LMICs)
receive no treatment at all (Cranston, 2025). Even in high-income
countries, long waiting times, stigma, and a shortage of trained
therapists continue to restrict access. In Africa, the gap is even
more pronounced: the mental health workforce remains
underdeveloped, with fewer than 1 psychiatrist per 100,000 people
in many countries (Ogbuagu et al, 2021). Traditional stigma,
inadequate funding, and the centralization of services in urban
areas further contribute to the underutilization and decline of
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psychotherapy services. That notwithstanding, the disconnect
between the proven efficacy of psychotherapy and its limited
availability poses a major challenge to global mental health
advancement. Cultural mismatches between therapy models and
community beliefs, lack of digital infrastructure, and limited
investment in mental health systems all exacerbate this issue.
Consequently, many individuals go untreated, and others receive
suboptimal care that fails to address their needs in a timely or
sustainable manner (Eyowas et al., 2023; Oladunmoye, Oboma, &
Enamudu, 2024). Without innovative and scalable solutions, these
challenges will continue to widen the mental health care divide,
especially in underserved and rural populations.

In the light of the emerging mental health morbidity, loss of
productivity, social dysfunction, and in extreme cases, increased
rates of suicide, there is a mounting pressure to develop new
options and technology driven approaches to mental health care
delivery. Artificial Intelligence (Al) is the one example of a
promising avenue. It presents potential to close access gaps,
increase the accuracy of diagnosis, and work alongside human
therapists using scalable, affordable interventions. Through to
chatbot therapists and emotion recognition systems, Al tools are
already transforming the possibilities for care to be provided, but
their entry into mainstream psychotherapy is tentative and uneven
(Joshi & Jadeja, 2024; Oladunmoye, Enamudu, Sa’ad, Oyedele, &
Nakalema, 2025). The idea for this study is that integrating Al as a
complementary tool in psychotherapy implementation allows for
expansions and personalization of access and interventions, and
strengthens the service directed toward low-resource settings. It is
time for a deliberate shift in how technology is leveraged in mental
health care not to replace therapists, but to amplify their reach,
especially in parts of the world where the human mental health
workforce cannot meet demand.

Artificial intelligence (Al) has shown a way to close the mental
health treatment gap through the promise to deliver scalable, cost-
effective, and personalized interventions, especially in situations
where human resources are scarce. The increasing demand for
mental health has, together with a universal shortage of qualified
professionals, rapidly fuelled interest in Al application. The Al
technologies can automate standard processes, like finding time for
diagnostic screening, tracking progress and delivering intervention,
thus relieving the load from a therapist and increasing service
penetration (Selvakumar, et al., 2025). For instance, conversational
agents such as Woebot and Wysa have demonstrated no less than a
pronounced effect in reducing symptoms of depression and anxiety
by providing cognitive behavioural therapy (CBT) strategies
through real-time chat interfaces (Pavlopoulos et al., 2024; de
Filippis & Foysal, 2024).

Such Al-based tools incorporate natural language processing
(NLP) and machine learning algorithms to understand the user’s
inputs, identify the emotional cues, and respond empathetically,
making the users feel like they are heard and supported
(Kushwaha, 2016). What is more, Al systems are also available
24/7, snitchwise (anonymity), and in most cases cost a fraction of
conventional therapy making them especially attractive in low-
resource environments and among the young, techno-savvy
audience. The studies have found that more than 70% of users of
the Al-based mental health apps claim that they become more
aware of one’s feelings and understand that they are ready to
request more assistance (Chaudhry & Debi, 2024).

Mental Health and Care

With mental health practitioners embracing more and more digital
tools in their practice, the importance of the contribution of
Artificial Intelligence (Al) to the improvement of therapy results,
degree of client engagement, and promoting access to treatments is
immense (Oladunmoye, et al., 2025). The efficacy of Al directed
interventions has been shown to provide stylistic therapeutic
structures like Cognitive Behaviour Therapy (CBT), mindfulness
training, and behavioural activation, marked by beneficial decrease
of symptoms of depression and anxiety (Nelson et al., 2025;
Gyaneshwar et al., 2024). Such tools can tailor content according
to individual needs based on what they have already seen on the
application, thereby personalize therapy in ways that are generally
unpractical in resource-challenging clinical settings.

Al also allows remote mental care delivery which is essential in
rural or conflict affected or in poor areas with little resources in
which the mental health worker to population numerical ratio is
critically low. In some areas of Sub-Saharan Africa, there is fewer
than 1 psychiatrist per 500,000 people (Nguyen-Finn, 2024). On
the other hand, Al-based mobile applications and chatbots are
scaled faster and can be accessed through smartphones and other
devices, thus minimizing geographical and socioeconomic
constraints to care (Asim, et al., 2025). Furthermore, the power of
Al systems to process speech patterns, facial micro-expressions,
eye movements, and even physiological signals such as heart rate
and galvanic skin response in real-time presents a new frontier in
the early detection and monitoring. These tools helped identify
depressive  symptoms, suicidal ideation, and emotional
dysregulation with considerable precision and allow for timely
interventions in actual time before the clinical crises (Marciano et
al., 2023). Machine learning technologies have been taught to
recognize shifts in tone found in the voice and sentence structure
that aligns with affective states, presenting a new non-invasive way
of monitoring.

Importantly, Al serves as a supplement to human therapists as
opposed to a replacement, it enhances the data clinicians can use to
make decisions allowing them to have more time for more
complicated therapeutic tasks and strengthen the therapist-client
relationship. It also enables a hybrid approach to care that will have
Al take charge of preliminary assessments of patients, daily check-
ins, or psychoeducation modules, and clinicians will focus on more
non-immediate level interventions. This hybrid model has been
proven to help in adherence, supportive alliances, and providing
support to the previously neglected population such as (youth,
elderly and population that have mobility restriction) (Gkintoni, et
al., 2025). Since :(Mental Health Systems across the globe can
barely keep up with this growing need, particularly in the aftermath
of the COVID-19 pandemic) the integration of Al creates a
transformational change from reactive care to proactive care, from
clinician-focused care to user-empowered care and from exclusive
to all-inclusive care.

Al's role in psychotherapy

Al's role in psychotherapy has evolved significantly over the past
decade, transitioning from basic digital support tools to highly
interactive and intelligent systems capable of delivering structured
psychotherapeutic interventions. One of the most prominent and
well-researched areas of development is Al-assisted Cognitive
Behavioural Therapy (CBT). Even Woebot a conversational
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chatbot based on CBT shows similar effectiveness when compared
with human-managed therapy when it applies to alleviating the
symptoms in the case of mild to moderate depression and anxiety.
In a randomized controlled trial, symptoms of depression in users
of Woebot decreased significantly after two weeks of daily use
(Karkosz, et al., 2024; Oladunmoye, et al., 2025). Similarly, Wysa
and Tess with use of Al-driven conversations are able to provide
emotional support and CBT techniques with reports of user
engagement from over 100 countries and expanding evidence base
for clinical effectiveness (Chaudhry, & Debi, 2024).

These systems use the Natural Language Processing (NLP) and
machine learning algorithms to portray a human-like conversation.
They apply changes in what users input, determine emotional states
in the long term, as well as use coping strategies that would change
in light of it (Jean, 2024). Practicality and anonymity of these tools
make it especially helpful for the ones who would be reluctant in
getting face-to-face help from a stigma, a cultural limitation, or just
because they wish to keep it secret. Apart from providing
structured therapy, Al is significant in implementing emotion
detection, as well as affective computing. Emotion algorithms, on
analyzing vocal tone, facial expression, speech pause, and textual
emotions, are able to identify emotional state of potential
customers with high precision. These technologies are embedded
into platforms that track the mental states of users in real time,
providing therapists with the means to understand the clients’
emotional paths between sessions (Gkintoni et al., 2025;
Oladunmoye, et al., 2025). This can be illustrated by the example
of Al models that are trained on speech datasets and have been
found to detect depression up to 83% of the time, which outlines
their potential in early detection and constant supervision (Low,
Wei & Mei, 2024).

Technical
Limitations

Al struggles to
replicate human
empathy and
understanding.

More so, the use of a virtual reality (VR) in conjunction with Al-
empowered avatars is becoming more common for generating
realistic simulation of therapy environments. This is particularly
consequential in the treatment of conditions such as social anxiety,
PTSD and phobias, in which exposure is the key in this therapy. Al
makes it possible to have dynamic interaction in the virtual world
to allow clients to rehearse social situations or revisit traumatic
contexts in a manageable, secure, and repetitive environment.
Halkiopoulos & Gkintoni (2025) showed the effectiveness of VR
cognitive therapy (VRCT) in alleviating agoraphobic avoidance
and distress in psychosis patients, whose benefits last long-term.
These virtual therapists, which are they driven by Al algorithms,
demonstrate non-judgmental, consistent, and endless patient
support elements which some clients can find easier to interact
with compared to human therapists.

Collectively, these developments reflect a growing trend toward
digitally mediated mental health care. With each evolved version
of Al becoming more and more emotionally in tune and tactically
aware of the contexts in which they operate, their contribution
toward augmenting the traditional psycho-therapy becomes more
and more irreplaceable (Oladunmoye, et al., 2025). Their ability to
provide evidence-based, scalable, and cost-effective interventions
make them particularly valuable for settings of low-resources and
for populations who have been otherwise under served by mental
health delivery systems.

Barriers to Integration

Despite the growing promise of Artificial Intelligence (Al) in
psychotherapy, several challenges impede its seamless integration
into clinical practice. These barriers span technical, cultural, and
ethical dimensions, raising critical concerns for practitioners,
policymakers, and developers alike.

Cultural
Resistance

Al lacks cultural
sensitivity,
hindering user
trust.

Ethical and Legal
Complexities

Data privacy risks
and algorithmic
bias concerns.

Fig. 1: Barriers to integration of Artificial Intelligence (Al) in psychotherapy
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1. Technical Limitations and Empathic Deficiency

The power of Al is not able to create a human empathy, which is a
foundation of psychotherapy. It is currently the leading challenge.
Although Al systems are capable of processing language, detecting
sentiment, and simulating compassionate answers to the users’
questions, their interpretation of context, sarcasm, or light changes
in emotional states is still primitive (Balamurali, et al., 2024). The
Al-based systems depend on pre-defined decision-trees and painted
messages, which could be ineffective in addressing those clients
with traumas, personality disorders, and comorbid mental
conditions (Bahji, 2024). The therapeutical process generally relies
on non-verbal signals, body language, and areas of relational trust
in which Al significantly falls behind the human therapists
(Cataldo et al., 2023).

2. Cultural Resistance and Relational Disconnection

The therapeutic relationship is shaped by cultural beliefs, personal
values, and contextual nuances factors that may be lost in
algorithmic delivery. In many societies, especially in Africa, Asia,
and Latin America, mental health care is traditionally embedded in
community structures, spirituality, and human connectedness
(Vaishnav et al.,, 2023). The idea of disclosing emotional
vulnerabilities to a machine may feel alien, unsafe, or even
disrespectful to clients from these backgrounds. A study by lvchyk
(2024) emphasized that user trust and cultural relevance are crucial
for adoption, noting that Al interventions that lack cultural
customization risk disengagement or resistance.

Improves diagnostic accuracy

Timely intervention possible

3. Ethical and Legal Complexities

The implementation of Al in psychotherapy also raises profound
ethical and legal concerns. Chief among these is data privacy. Al
systems collect vast amounts of sensitive psychological data,
including voice recordings, text interactions, and emotional
profiles. Without robust data protection frameworks, such
information is vulnerable to breaches, misuse, or unauthorized
access (Sargiotis, 2024). Furthermore, questions about informed
consent arise when clients are unaware of how their data will be
processed, stored, or potentially used to train algorithms. There's
also the risk of algorithmic bias, where Al tools trained on non-
diverse datasets may misinterpret language, emotion, or behaviour,
especially in non-Western populations, leading to misdiagnoses or
inappropriate interventions (Alman, 2024). Accountability remains
a gray area. In the event of a harmful Al-driven recommendation, it
remains unclear whether liability lies with the developers, the
hosting institution, or the therapist supervising the tool. The lack of
regulatory standards across countries further complicates the global
deployment of Al mental health tools.

Moderating Variables

The effectiveness of Al-integrated psychotherapy is not solely
dependent on the sophistication of the technology but also on a
variety of moderating variables that shape therapeutic outcomes.
These include the quality of the therapeutic alliance, client-specific
characteristics, and therapist adaptability. Understanding these
moderating factors is essential for the responsible and effective
integration of Al into clinical practice.

Impersonal therapeutic
alliance

Concerns about intrusiveness

Fig 2: Moderating factors responsible and effective integration of Al into clinical practice.

1. Therapeutic Alliance

Perhaps the most significant moderating variable is the therapeutic
alliance, defined as the collaborative and affective bond between
therapist and client. Decades of psychotherapy research
consistently identify it as one of the strongest predictors of
treatment success (Eilertsen & Eilertsen, 2023). While Al
platforms can simulate empathy, respond with supportive
language, and track user moods over time, they still lack the

relational depth, attunement, and non-verbal nuances that human
therapists bring to the therapeutic space. Even in blended care
models, where Al is used to complement human support, the
human element remains a key driver of sustained engagement and
recovery (Singh, 2024). In guided internet-based CBT (iCBT)
programs where Al systems handle psychoeducation and
monitoring, clients often still prefer brief human check-ins to
reinforce connection and accountability (Gkintoni et al., 2025).
When the therapeutic alliance is weak or perceived as impersonal
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as can occur in fully automated systems clients may disengage
early or experience limited benefit.

2. Client Characteristics

Client-level variables also moderate the efficacy of Al-based
mental health interventions. Factors such as age, digital literacy,
psychological openness, cultural background, and severity of
symptoms significantly impact user engagement and outcomes.
Individuals with higher comfort levels using digital tools,
particularly younger adults, may be more receptive to Al-driven
therapy (Jain et al., 2025). In contrast, those unfamiliar with
technology or with more severe or complex psychological
disorders such as schizophrenia, personality disorders, or suicidal
ideation may require deeper human involvement and more nuanced
clinical judgment (Craig, 2024). Additionally, cultural values shape
how clients perceive Al. In collectivist societies, for example,
individuals may place higher value on human connectedness and
be less inclined to trust Al as a therapeutic agent. Moreover,
populations with histories of medical or institutional mistrust may
be more hesitant to engage with technologies perceived as intrusive
or depersonalized (Dasgupta, 2023).

Continuous
Evaluation
Monitoring and
improving Al
applications

Cultural

Inclusivity
Adapting Al to D <

diverse cultural
contexts

Ensuring

3. Therapist Adaptability and Technological Competence

The readiness and willingness of therapists to engage with Al
technologies is another crucial moderating factor. Therapists must
not only understand the technical capabilities and limitations of Al
tools but also be skilled in integrating them into the therapeutic
process in a way that preserves clinical safety and empathy (Zhang
& Wang, 2024). Resistance to technological change, lack of
training, and concerns about being replaced by machines may
hinder adoption. Conversely, when therapists are well-trained and
technologically competent, Al can enhance practice by freeing time
for complex casework, improving diagnostic accuracy, and
supporting evidence-based interventions. For instance, therapist
dashboards powered by Al can summarize client progress, flag
high-risk language, and recommend timely interventions all of
which contribute to more personalized and responsive care (Ajayi,
2025).

Moving Ahead

To ensure that Al fulfills its promise in psychotherapy, the
following strategic steps are recommended.

Combining Al
efficiency with
human empathy
for enhanced care

Equipping
professionals and
clients with digital

skills

responsible and
transparent Al use

Fig. 3: Strategies to integrating Al into psychotherapy

1. Blended Models of Care

One of the most promising approaches to integrating Al into
psychotherapy is through blended models, where Al tools
complement rather than replace human therapists. These hybrid
systems combine the efficiency of automation with the empathy
and nuance of human judgment. Al chatbots like Woebot and Wysa
can be deployed for psychoeducation, routine symptom tracking,
and cognitive-behavioural interventions, while therapists focus on
complex emotional issues and crisis management (Nelson, et al.,
2025). Blended models have been shown to enhance scalability
without compromising therapeutic outcomes. In fact, guided

internet-based therapies where clinicians oversee Al-facilitated
sessions have demonstrated efficacy comparable to face-to-face
therapy for conditions such as depression and anxiety (Dickens,
2024). This model also allows for cost reduction and greater reach
in underserved areas.

2. Training and Digital Literacy

Successful implementation of Al tools hinges on training both
therapists and clients. Mental health professionals must be
equipped with technical skills, digital competence, and critical
literacy to effectively use and interpret Al-generated insights
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(Almira, 2025). Likewise, clients must understand how to interact
with digital platforms securely and meaningfully. Educational
initiatives should focus on integrating Al into clinical curricula,
providing continuing professional development, and establishing
peer-learning networks for sharing best practices (da Silva Tiago &
Mitchell, 2024). Digital literacy programs for clients especially in
rural or low-resource settings can reduce resistance and boost
engagement with Al interventions.

3. Ethical Standards and Governance

As Al becomes more embedded in mental health care, the ethical
implications must be rigorously addressed. Concerns around data
privacy, algorithmic bias, informed consent, and transparency
demand the creation of comprehensive ethical guidelines.
Currently, many Al tools operate without clear regulatory
oversight, raising the risk of misuse or harm (Kaminski, 2023). It is
essential that mental health professionals, ethicists, data scientists,
and policymakers collaborate in designing and reviewing Al tools
to ensure they adhere to principles of beneficence, autonomy, and
justice (Saeidnia et al., 2024). Regular audits, open-source
transparency, and accountability frameworks should be established
to protect vulnerable populations and ensure trust in Al systems.

4. Customization and Cultural Inclusivity

For Al in psychotherapy to be effective across diverse populations,
systems must be culturally adaptive and inclusive by design. This
includes ensuring that language models, emotional detection
algorithms, and therapeutic content reflect the values, idioms, and
behavioural norms of different cultural and linguistic groups
(Aleem et al., 2024). Al systems trained predominantly on Western
datasets may fail to recognize culturally specific expressions of
distress or coping, leading to misdiagnosis or alienation of users in
non-Western contexts. Culturally attuned development through
local co-design, participatory research, and contextual validation
can significantly enhance the acceptance and relevance of Al
interventions in regions like Africa, Asia, and Latin America
(Khan et al., 2024).

5. Continuous Evaluation and Feedback Mechanisms

To ensure long-term effectiveness and safety, Al applications in
psychotherapy should undergo ongoing evaluation. This includes
assessing clinical outcomes, user satisfaction, dropout rates, and
potential adverse effects. Feedback loops involving clients and
clinicians can provide real-time insights to refine algorithms and
interfaces (Chen et al., 2024). Furthermore, implementing
evidence-based standards for digital health evaluations, such as the
WHO Digital Health Guidelines or NICE frameworks, can help
maintain high-quality interventions (Gentili et al., 2022).
Incorporating ethical Al auditing and real-world testing phases will
support continuous improvement and mitigate unintended
consequences.

Conclusion

Artificial Intelligence (Al) holds transformative potential in the
field of psychotherapy, offering innovative pathways to expand
access, enhance service delivery, and personalize mental health
care. As mental health needs grow globally outpacing the
availability of qualified professionals, Al presents an opportunity
to bridge critical service gaps through scalable, cost-effective, and
data-driven solutions. From Al-assisted Cognitive Behavioural

Therapy (CBT) chatbots like Woebot (lvanitska-Diachun, 2025) to
emotion recognition algorithms (Jiang et al., 2024) and immersive
virtual ~ therapy platforms (Tarig, 2025), technological
advancements are reshaping the therapeutic landscape.

However, the realization of AI’s full potential requires a
thoughtful, evidence-based approach that integrates technical
capabilities with clinical wisdom. It is essential to recognize that
Al, despite its speed and efficiency, cannot replicate the depth of
human empathy or the nuanced understanding that forms the
cornerstone of effective psychotherapy. Ethical considerations
particularly related to privacy, consent, bias, and accountability
must be rigorously addressed (Ramnani, 2024). Moreover, cultural
context, user readiness, and therapist adaptability are critical
moderating factors that influence the success of Al-enhanced
interventions (Jing, 2024; Kim & Lee, 2025).

Moving forward, a hybrid or blended care model where Al tools
support, rather than replace, human therapists offer a balanced
solution. Such models can help automate routine monitoring and
enhance client engagement while preserving the relational aspects
of care. Investing in digital literacy for both clinicians and clients,
setting clear ethical standards, and ensuring inclusivity in Al
system design are imperative steps toward meaningful integration
(Apeh et al., 2024). The ultimate goal is not to substitute human
therapists with machines but to augment their capacity to deliver
timely, effective, and contextually appropriate care. If implemented
responsibly, Al can become a powerful ally in the global effort to
make mental health services more accessible, equitable, and
responsive to the evolving needs of diverse populations.
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